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Abstract
The limited energy supply of wireless sensor networks poses a great challenge for the deployment of wireless sensor
nodes. In this paper, a sensor network of nodes with wireless transceiver capabilities and limited energy is considered.
Clustering is one of the most efficient techniques to save more energy in these networks. Therefore, the proper selection
of the cluster heads plays important role to save the energy of sensor nodes for data transmission in the network. In this
paper, we propose an energy efficient data transmission by determining the proper cluster heads in wireless sensor
networks. We also obtain the optimal location of the base station according to the cluster heads to prolong the network
lifetime. An efficient method is considered based on particle swarm algorithm (PSO) which is a nature inspired swarm
intelligence based algorithm, modelled after observing the choreography of a flock of birds, to solve a sensor network
optimization problem. In the proposed energy- efficient algorithm, cluster heads distance from the base station and their
residual energy of the sensors nodes are important parameters for cluster head selection and base station localization. The
simulation results show that our proposed algorithm improves the network lifetime and also more alive sensors are
remained in the wireless network compared to the baseline algorithms in different situations.
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1. Introduction
Nowadays, wireless sensor networks (WSNs) are used
in various applications such as military tracking,
environmental monitoring, medical diagnosis and habitual
monitoring, etc. The significant role of the sensor nodes in
these networks include data gathering from the
environment and send it to the base station (BS) to make a
final decision about the status of the environment. However,
energy consumption of the sensor nodes is one of the main
concerns in wireless sensor networks. Clustering is one of
the most efficient techniques to save energy in these
networks. In this technique, sensor nodes transmit their
data to some leader nodes called cluster heads (CHs). CHs
send aggregated data to BS in one-hop communication.
However, in the process of clustering, selection of the CHs
performs a very crucial role for saving the energy and
therefore improving the network lifetime as it has several
impacts on the energy conservation of member sensor
nodes. Several number of clustering algorithms based on
heuristic methods have been developed for WSNs [1-4].
LEACH algorithm is one of the well-known distributed
clustering algorithm, in which a cluster head is selected
with some probability among the sensor nodes to save
more energy, however, the remaining energy is not
considered for cluster head selection. Therefore, it is
possible to select a sensor node with low energy as a
cluster head which leads to die quickly [1]. In [5],
* Corresponding Author

Centralized LEACH is proposed which the distance and
the energy of the nodes are also considered in cluster head
selection. In [6], the cluster head selection is done using
particle swarm algorithm (PSO) algorithm and the ratio of
total initial energy of all nodes to the total current energy of
the all cluster heads is considered, however, the distance
from sink is not considered. In [7], residual energy,
distance and node density is considered in cluster head
selection. However, the cluster formation phase is ignored
which it leads to have high energy consumption. In [8], a
novel Energy Efficient Connected Coverage (EECC)
scheduling is proposed to maximize the lifetime of the
WSN. The EECC adheres to Quality of Service (QoS)
metrics such as remaining energy, coverage and
connectivity. In EECC the sensor which doesn't contribute
to coverage will act as a relay node to reduce the burden of
the sensing node. In [9], the paper introduces an algorithm
named Fuzzy logic based unequal clustering, and Ant
Colony Optimization (ACO) based Routing, Hybrid
protocol for WSN to eliminate hot spot problem and extend
the network lifetime. This protocol comprises of Cluster
Head (CH) selection, inter-cluster routing and cluster
maintenance. In [10], Extended-Multilayer Cluster
Designing Algorithm (E-MCDA) approach is proposed in a
large network. Performance of E-MCDA is evaluated in
energy consumption at various aspects of energy, packets
transmission, the number of designed clusters, the number
of nodes per cluster and un-clustered nodes.
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Another important issue is the base station (BS)
localization which is a critical factor in designing a wireless
sensor network. Using this method, less power consumes to
deliver the cluster head’s data to BS. As a consequence, the
network lifetime is improved. However, in some papers,
BS location is deployed within the center point of the area
of interest [11]. Although it gives fast suitable solutions, it
cannot guarantee the optimal BS location. In [12], two
algorithms are proposed to determine the optimal location
of the base station; for homogeneous nodes as well as for
heterogeneous nodes where the single-hop routing is used.
The limitation of this approach is the high energy
consumptions of the nodes located far from the sink. In
[13], one approach is proposed based on PSO algorithm for
determining the best position of the sink where multi-hop
communication is considered. But in multi-hop
communication the data collected by all the sensors reach
the sink through the nodes close to the sink and thus these
nodes may die soon due to pass a huge amount of data.
Therefore, our contribution in this paper is as follows:
 At first, we propose an energy efficient BS localization
using PSO algorithm. Then, for saving more energy, the
problem of the cluster heads selection is considered. In
this case, sensors send their data to their corresponding
cluster heads. The number of cluster heads which are
selected among the sensors, are fixed. However, for
cluster head selection, the remaining energy of each
sensor and also its distance from BS is considered.
 After the cluster head selection, the proper position of BS
is also determined using PSO algorithm to conserve more
energy. Simulation results show the effectiveness of the
proposed algorithm in improving the network lifetime.
The remainder of this paper is organized as follows. The
network model is detailed in Section 2. The overview of
PSO (Particle Swarm Optimization) technique is stated in
section 3. The proposed algorithms based on PSO algorithm
are shown in section 4. Performance evaluation results that
demonstrate the efficiency of the proposed algorithms are
presented in Section 5. Conclusions are drawn in Section 6.

2. Network Model
We consider a WSN deployed in a square area with a
set of normal sensor nodes and high energy Base Station
(BS). Normal sensor nodes sense local data about the
environment and forward them to BS. Nodes can be
deployed manually or randomly in the target area (Fig.1).

Fig. 1. Sensor node locations for data transmission.

As we said, sensor nodes in wireless sensor networks
are energy constrained and cannot be rechargeable. Since
battery is the only power source to the sensors, their energy
should be carefully utilized to increase the network lifetime
and improve its performance. The energy model used in
this paper is based on two parameters [1]:
is the
transmitter electronics energy,
is the required
amplification. The energy consumption of each node
depends on the amount of the data and also distance
between each node and its receiver. In this paper, we
assume that reliable bits are transmitted to BS. Therefore,
the total energy consumption is obtained as follows [14].
∑

(1)

Where
is the number of sensors and
is the
distance between the th node and BS. According to
Eq.(1), the energy consumption is related to the distance
between each node and BS. On other hand, BS should be
located in a proper position from the sensors to save more
energy. In fact, the suitable location of BS leads to
increase the residual energy of the nodes. Therefore, the
network lifetime is improved. We define the network
lifetime to be the time until 25 percent of the sensors run
out of energy [15], [16]. For this purpose, we use PSO
algorithm as a random optimization algorithm to find the
optimal position of BS. This algorithm was developed
through the inspiration of social behavior of birds flocking.
The details of this algorithm is at the next section.

3. Overview of PSO
PSO is a nature inspired swarm intelligence based
algorithm, modelled after observing the choreography of
a flock of birds, i.e., how they can explore and exploit the
multi-dimensional search space for food and shelter [17],
[18]. PSO consists of a predefined number of particles,
, called swarm. This algorithm searches the area with
respect to the mathematical formula over velocity and
position of each particle,
. A fitness
function is used to evaluate each particle for verifying the
quality of the solution. The objective of PSO is to find the
particle’s positions that result best evaluation of the given
fitness function. PSO is initialized with a group of
random particles (solutions) and then searches for optimal
solution by updating iterations. In each iteration, each
particle finds its own best, i.e., personal best called
. Another “best” value that is tracked by the
particle swarm optimizer is the best value, obtained so far
by any particle in the population. This best value is a
global best and called
. In each iteration, velocity of
each particle is updated using the current velocity of the
particle and the previous local best and global best
position. Depending upon the past value, new velocity
and new position of the particles can be estimated. The
same procedure is repeated for each iteration. The
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formula for updating velocity and position of each
particle is given by the following equations [19].
(
(

)

(2)

)

And
(3)
Where,
and
are the new velocity and position
of the th particle, respectively. is the inertia weight,
and
are the acceleration coefficients and
and
are random numbers uniformly distributed in [0,1].
The updating process is repeated until it is reached to an
acceptable value of
. After getting new updated
position, the particle evaluates the fitness function and
updates
as well as
for the minimization
problem as follows [20].
Fig. 2. Pseudo code for PBBSL algorithm

{

{

4. Proposed Algorithm
4.1 Proposed Algorithm without Clustering
As we said, in this paper, our aim is improving the
network lifetime. For this purpose, we use PSO algorithm
to find the optimal location of BS. According to PSO
algorithm, each particle, shows the random coordinate of
BS which lies in the corresponding environment.
According to this position, the energy consumption of each
sensor node for data transmission to each particle is
calculated. The fitness function is the total energy
consumption of all sensors in data transmission to BS. Our
aim is to minimize the fitness function by determining the
best location of BS. Therefore, the personal best
(i.e.,
) is calculated for each particle through their
fitness value. Then, the global best (i.e.,
) is
calculated based on the
values according to Eq.(5).
In learning algorithm, in each iteration the velocity and
position of each particle are updated according to Eq.(2)
and Eq.(3), respectively. Then, the fitness function is
calculated again according to Eq.(1). According to this
function,
and
are obtained. It should be
noted that the sensor nodes are participated in data
transmission which have enough energy. It means that their
remaining energy is more than their energy consumption.
The algorithm ends when the termination criteria is
fulfilled. The pseudo code for the PSO-Based BS
Localization Algorithm (PBBSL) is as below.

4.2 Proposed Algorithm with Clustering
In our network model, it is possible that some sensing
nodes are located in far distances from BS. Therefore,
energy consumption for transmitting data to BS increases.
In our system model one solution for saving energy is
that, sensor nodes send their data to the cluster heads
(CH). CH is a node among all sensors and it sends the
data of the sensor nodes to BS.
In this section, the main purpose is selecting the
cluster heads by considering the energy efficiency so that
the network lifetime is improved. For cluster head
selection, the residual energy of the sensor nodes and also
the distance of each cluster head with other nodes which
transmit data to the cluster head, are considered. Then,
according to the cluster heads’ position, the best location
of BS is obtained according to PSO algorithm. For cluster
head selection, the environment is divided at most into
four squares and four nodes with enough energy and
nearest to the middle of the squares are candidates as
CHs. It should be noted that the environment is divided
according to the number of the alive nodes. It means that
for the empty square, there is not any cluster head. After
the cluster head selection, finding the best location of BS
is the similar to PBBSL algorithm, except that, the BS
location is obtained according to the CHs’ position. The
flowchart of the proposed algorithm is shown in Fig. 3.

5. Performance Evaluation
In our wireless network, nodes are uniformly
distributed in a square field with a length of 200 m.
is assumed as the initial energy for each
sensor and the alive nodes are considered as the nodes
that their remaining energies are more than the energy
required for data transmission to CHs. CHs send the
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results of data transmitted from their corresponding nodes
to BS.
bits are considered for data transmission. In
all comparisons the exact optimal results are numerically
obtained in MATLAB. Every simulation result in this
section is averaged over 10000 realizations. We model the
wireless channel between each sensor and CHs and also
between each CH and BS using a free-space path loss
model. By assuming a data rate of 250 kb/s and a transmit
power of 20 mW, we consider
=80 nJ [21],[22].
The
to satisfy a receiver sensitivity of -90 dBm is
40.4
[23].The parameters of PSO are in table1.
Table 1. Parameters for PSO in simulation
Parameter

Value
2
2
0.3
10

For showing the effectiveness of our proposed
algorithms, we compare them with the following algorithms:
 Random BS Localization (RBSL) Algorithm: In
this algorithm, BS position is selected randomly in
each iteration. Then, the sensors send their data to
BS. This algorithm has the minimum complexity to
find the solution for our problem.
 Fixed BS Localization (FBSL) Algorithm: In this
algorithm, BS location is fixed in environment and
its position does not change according to the alive
nodes location. This algorithm is considered to
show that determining the location of BS improves
the network lifetime.

Fig. 3. Flowchart of the proposed algorithm with CHs selection
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Fig. 4 shows the number of alive nodes for different
algorithms. It is clear that in PBBSL algorithm with
clustering, number of alive nodes is more than the other
algorithms. PBBSL algorithm also have more alive
sensors than RBSL and FBSL algorithms due to the
random and fixed position of BS. In this case, it is
possible to locate more sensors far from BS and therefore,
the energy consumption is increased significantly. In fact,
more alive sensors states more lifetime for the network.
On the other hand, cluster heads and BS localization lead
to improve the network lifetime. The dimension of the
environment is set to 1000m.
Fig. 5 shows the average total remaining energy of the
nodes. It is clear that cluster head selection leads to save
more energy in sensors due to the decreasing the distance
for data transmission. We also note that determining the
location of BS according to the CHs position helps to
have more remaining energy for CHs. It should be noted
that in less number of nodes, cluster head selection is not
effective in saving energy, however, increasing the
number of sensors show the effectiveness of the cluster
head selection in having more remaining energy.
According to the results, RBSL and FBSL algorithms
have lower remaining energy. On the other hand, they
have lower alive sensors due to the random position and
fixed position for BS, respectively.
Fig. 6 shows the average total energy consumption
versus different nodes. According to the results, CHs
selection and determining the location of BS increases the
energy consumption of the nodes for data transmission to
CHs and also data transmission from CHs to BS. It shows
that there are more alive sensors to transmit their data to
the cluster heads or BS while in FBSL and RBSL, the
energy consumption is decreased because less nodes are
still alive to send their data to their destination. It should
be noted that as the number of the sensors increases, more
energy consumes due to the existence of more alive nodes
in the environment.
In Fig. 7 the total remaining energy of the sensors for
different algorithms is shown. In fact, this metric states
the successful percent of the algorithms in balancing the
energy consumption of the alive sensors. Our proposed
algorithms have the highest value of the total remaining
energy. Therefore, the network lifetime is improved.
According to the results, by increasing the dimension of
the environment, the total remaining energy is increased.
Because, it is possible to have more sensors far from BS
and hence, the energy consumption increases. The
number of sensors is set to 50.
Fig. 8 shows the number of alive nodes for different
algorithms. In fact, this metric states the role of the
algorithms for increasing the network lifetime. According
to the results, our proposed algorithms have the most
network lifetime while FBSL and RBSL algorithms have
the least value. It means that clustering and BS
localization improve the network lifetime significantly. It
should be noted that only the sensors with enough energy
participate in data transmission.
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Fig. 9 shows the total energy consumption of different
algorithms versus different environments. Although, our
proposed algorithms consume more energy for data
transmission, however, there is a balance between the
sensors for sending data. On the other hand, more alive
nodes consume more energy to transmit their data to BS
or cluster heads. FBSL and RBSL algorithms consume
less energy due to the less number of alive nodes. It
should be noted that as the dimension of the environments
increases the energy consumption increases due to the
more distances between sensors and cluster heads.

Fig. 7. Total remaining energy versus different environments

Fig. 4. Number of alive sensors versus different sensors
Fig. 8. Number of alive sensors versus different environments

Fig. 5. Total remaining energy versus different sensors
Fig. 9. Total energy consumption versus different environments

6. Conclusions
Wireless sensor networks have multiple applications in
intelligent environment and structural monitoring. However, in
wireless sensor networks, one of the most critical challenges is
the power constraint of the sensors. In this paper, we proposed
an algorithm based on PSO algorithm to improve the lifetime
of the network. For this purpose, at first, the cluster heads are
selected among the sensors according to their remaining energy
and distances from other nodes. Then, the suitable position of
BS is obtained based on the cluster heads position using PSO
algorithm. By the proposed algorithm, the energy consumption
Fig. 6. Total energy consumption versus different sensors
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of the nodes are more saved and the residual energy is
increased. It means that the sensors have more opportunity to
be alive and monitor the environment. The simulation results
showed the effectiveness of the proposed algorithm in lifetime
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improvement in different situations. Cluster head selection
using the other algorithms and using the mobile sensor
networks can be applied as the future work of this paper.

References
[1] W. B. Heinzelman, A. Chandrakasan, and H. Balakrishnan,
"Energy Efficient Communication Protocol for Wireless
Microsensor Networks", in Proceedings Sciences, 2000, pp.1-10.
[2] L. Xiang, J. Luo, and A. Vasilakos, " Compressed Data
Aggregation for Energy Efficient Wireless Sensor
Networks", in 8th Annual IEEE Communications Society
Conference on Sensor, Mesh and Adhoc Communications
and Networks (SECON), 2011, pp. 46–54.
[3] X. Y. Liu, Y. Zhu , L. Kong, C. Liu, Y. Gu, A. V. Vasilakos,
and M.-Y. Wu, "CDC: Compressive Data Collection for
Wireless Sensor Networks", IEEE Transactions on Parallel
and Distributed Systems, Vol.26, No.8, 2015, pp. 2188–2197.
[4] X. Xu, R. Ansari, A. Khokhar, and A.V. Vasilakos,
"Hierarchical Data Aggregation Using Compressive
Sensing (HDACS) in WSNs", ACM Transactions on
Sensor Networks (TOSN), Vol.11, No.3, 2015, pp.45-45.
[5] W. B. Heinzelman, A.P. Chandrakasan, and H. Balakrishnan,
"An Application Specific Protocol Architecture for Wireless
Microsensor Networks", IEEE Transactions on Wireless
Communications, Vol.1, No.4,2002, pp.660–670.
[6] N. M. A. Latiff, C. C. Tsimenidis, and B. S. Sharif,
"Energy-Aware Clustering for Wireless Sensor Networks
Using Particle Swarm Optimization", in Proceedings of
18th Annual IEEE International Symposium on Personal,
Indoor and Mobile Radio Communications,2007, pp. 1–5.
[7] B. Singh, and D.K. Lobiyal, "A Novel Energy-Aware Cluster
Head Selection Based on Particle Swarm Optimization for
Wireless Sensor Networks", Human-Centric Computing and
Information Sciences Journal, Vo.l2, No.1, 2012 , pp.2–13.
[8] J. Roselin, P. Latha and S. Benitta, "Maximizing the
Wireless Sensor Networks Lifetime through Energy
Efficient Connected Coverage", Elsevier Adhoc Networks
Journal, Vol.62, 2017, pp.1-10.
[9] S. Arjunan and P. Sujatha, "Lifetime maximization of
wireless sensor network using fuzzy based unequal clustering
and ACO based routing hybrid protocol", Applied Intelligence
springer Journal, Vol.48, No.8, 2018, pp. 2229–2246.
[10] S. Jabbar, M. Ahmad, K.R. Malik, Sh. Khalid, J. Chaudhry
and O. Aldabbas, "Designing an energy-aware mechanism
for lifetime improvement of wireless sensor networks: a
comprehensive study", Mobile Networks and Applications
Springer Journal, Vol. 23, No.3, 2018, pp. 432–445.
[11] W. Y. Poe and J. B. Schmitt, "Minimizing the Maximum Delay
in Wireless Sensor Networks by intelligent sink placement",
Tech. Rep. 362/07, Distributed Computer Systems Lab,
University of Kaiserslautern, Kaiserslautern, Germany, 2007.
[12] J. Pan, L. Cai, Y. T. Hou, Y. Shi and S. X. Shen, "Optimal
Base Station Locations in Two-Tiered Wireless Sensor
Networks", IEEE Transactions on Mobile Computing, Vol.
4, No. 5, 2005, pp. 458-473.
[13] M. 1. Showkat, B. Paul, M. A. Matin, and M. S Alam,
"Optimal Sink Location in Wireless Sensor Networks Using
Particle Swarm Optimization", in Proc. IEEE Interntional
Conference on Antennas, Propagation and Systems (I
A009), .Ihor Bahru, Malaysia, 2009, pp. 5445 – 5450.

[14] A. Ebrahimzadeh, M.Najimi, S. M. Hosseni Andargoli, and
A. Fallahi, "Sensor Selection and Optimal Energy
Detection Threshold for Efficient Cooperative Spectrum
Sensing", IEEE Transaction on Vehicular Technology
Journal, Vol.64, No.4, 2015, pp. 1565 – 1577.
[15] N. Aslam, and W. Phillips, W. Robertson and Sh.
Sivakumar, "A Multi- Criterion Optimization Technique
for Energy Efficient Cluster Formation in Wireless Sensor
Networks", Information Fusion Journal in Press, Elsevier,
Vol. 12. No.3, 2011, pp.202-212.
[16] M. Najimi, A. Ebrahimzadeh, S.M. Hosseni Andargoli, and
A. Fallahi, "Lifetime Maximization in Cognitive Sensor
Networks Based on the Node Selection", IEEE sensors
Journal, Vol. 14, No. 7, 2014, pp.2376-2383.
[17] J. Kennedy, and R. Eberhart, "Particle Swarm
Optimization", IEEE International Conference on Neural
Networks, 1995, pp. 1942–1948.
[18] M. Azharuddin and P.K. Jana, "Particle Swarm
Optimization for Maximizing Lifetime of Wireless Sensor
Networks", Computers and Electrical Engineering Journal,
Elsevier, Vol.51, 2016, pp.26-42.
[19] R.V. Kulkarni, and G.K. Venayagamoorthy, "Particle Swarm
Optimization in Wireless Sensor Networks: A Brief Survey",
IEEE Transactions on Systems, Vol.41, No.2, 2011, pp. 262-267.
[20] I.S. Akila, R. Venkatesan, and R. Abinaya, "A PSO Based
Energy Efficient Clustering Approach for Wireless Sensor
Networks", in IEEE International Conference on
Computation of Power, Energy Information and
Communication (ICCPEIC), 2016, pp.259-264.
[21] S. Maleki, A. Pandharipande, and G. Leus, "Energyefficient distributed spectrum sensing for cognitive sensor
networks", in Proceedings of 35th Annual Conference
IEEE Industrial Electronics, 2009, pp. 2642–2646.
[22] S. Maleki, A. Pandharipande, and G. Leus, "Energy
efficient distributed spectrum sensing with convex
optimization", in Proceedings of 3rd International
Workshop on Computational Advances in Multi-Sensor
Adaptive Processing, 2009, pp. 396–399.
[23] M. Najimi, A. Ebrahimzadeh, S.M. Hosseni Andargoli, and
A. Fallahi, "A Novel Sensing Nodes and Decision Node
Selection Method for Energy Efficiency of Cooperative
Spectrum Sensing in Cognitive Sensor Networks", IEEE
Sensors Journal, Vol.13, No.5, 2013, pp.1610-1621.

Maryam Najimi received her B.Sc in electronic engineering from
Sistan & Baloochestan University; Iran in 2004 and her M.Sc in
telecommunication systems engineering from K.N.Toosi University of
Thechnology and Ph.D degree in communication engineering from
Babol university of Technology. She is currently an assistant
professor with department of electrical and computerr engineering,
University of Science and Technology of Mazandaran. Her interests
include spectrum sensing in cognitive sensor networks.
Sajjad Nankhoshki received her B.Sc in electronic engineering
from University of Science and Technology of Mazandaran. Her
interest includes energy efficiency in wireless sensor networks.

